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Figure 1: Densities for posterior probabilities of membership for three patients/symptom profiles featured in Table ??. Solid line=Subgroup 1; Dashed line=Subgroup 2; Dotted
line=Subgroup 3.
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Figure 2: Polygon representation for six covariates, representing profiles for a three component mixture model (Solid line=Subgroup 1, Dashed line=Subgroup 2, Dotted line=Subgroup
3). The arrows on each side indicate the direction in which values increase, typically from left to right.
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Figure 3: LCID of Bernoulli distributed symptoms for (a) K = 2 and (b) K = 3.
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Figure 4: Standarized residual plot for classification by MCMC output.
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Figure 5: Posterior probability of membership plots for symptom profiles featured in Table ?? (Solid line = Class 1, Dashed line = Class 2). The proportion overlap between classes
and patient frequency for each symptom profile is also given.
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Figure 6: Graphical representation of covariate summaries by subgroup, for all covariates where the 95% credible interval for D∗ does not cover zero.
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